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Abstract

Credence goods, such as car repairs or medicacesnare characterized by severe
informational asymmetries between sellers and acoess, leading to fraud in the form of
provision of insufficient service (undertreatmenf)yovision of unnecessary service
(overtreatment) and charging too much for a givesivise (overcharging). Recent
experimental research involving a standard (stydamiject pool has examined the influence
of informational and market conditions on the tymel level of fraud. We investigate whether
professional car mechanics — as real sellers afetiee goods — react in the same way to
changes in informational and institutional consti®i While we find qualitatively similar
effects in the fraud dimensions of undertreatment@ercharging for both subject pools, car
mechanics are significantly more prone to supplyingecessary services in all conditions,

which could be a result of decision heuristics tleayned in their professional training.
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1. Introduction

Credence goods are characterized by asymmetricmatmon between sellers and
consumers on the quality of service that yieldshighest surplus from trade: While sellers
learn that quality by performing a diagnosis, caonsts are unable to judge which quality is
the surplus maximizing one. Moreover, in many casgsumers are not evex post able to
observe the received quality. The seminal papecredence goods is by Darby and Karni
(1973), who added this type of good to Nelson (}$7€lassification of ordinary, search and
experience goods. Typical examples of credence gy@we car repairs, medical services,
software programming, or taxi rides in an unfamikéy. Hence, despite of the uncommon
name, credence goods are frequently consumed andraccally important.

The informational asymmetries prevalent in markéis credence goods invite
fraudulent behavior by sellers, implying that tlearsh for institutions that increase efficiency
on credence goods markets is a highly relevantctapi economics (see Dulleck and
Kerschbamer, 2006, for a survey of the literatuie)particular, credence goods markets
typically suffer from the following types of cheadi on consumers: (Lndertreatment, i.e.,
providing a quality that is insufficient to satislye consumer’s needs; (@ertreatment, i.e.,
choosing a higher quality than the surplus maxingzone; and (3)vercharging, i.e.,
charging for a higher quality than has been pravide

That fraud is more than mere a theoretical posilii markets for credence goods has
been documented, among others, by Domenighetti. 1293). The authors examine how
patients’ information affects the treatment thegeree in hospitals and find that common
surgical procedures are less frequent for patipetseived as being better informed. In a
similar vein, Gruber and Owings (1996) show that tlelative frequency of cesarean
deliveries responds to the remuneration for it. M/these and other field studies impressively
document the existence of fraud, a general disddgarof field data is the lack of controlled
variation of factors predicted to be crucial bydhe Controlled variation is the key advantage
of the laboratory. In the context of credence gotads experiments have recently been
conducted by Kerschbamer et al. (2009) and DuletcMd. (2011). Those studies examine the
influence of informational and market conditions the type and extent of fraud, finding,
among others, that liability clauses (preventinglartreatment) are key for the efficient
provision of credence goods, whereas verifiab{lifseventing overcharging) fails to improve
efficiency, although in theory it should. While prding important information on the impact
of institutions on market outcomes, the experimesttadies by Kerschbamer et al. (2009) and
Dulleck et al. (2011) leave one important questioranswered: Do real world sellers of

credence goods react in the same way to changéseinnformational and institutional



framework as university students do? This queditmches on the issue of external validity
of laboratory data.

In principle, there are two ways to address thisstjon. The first one is to study the
behavior of professionals in field experiments. r&gtier (2012) and Balafoutas et al. (2013)
are examples for this approach. Schneider (2018udtt his car for repair to different
garages, sometimes suggesting the potential faateqd interaction in the future, sometimes
inducing the impression that repeated interactias tghly unlikely. Based on data from 91
undercover garage visits, the author finds no exdethat a mechanic’s concerns for
reputation have an influence on the service praljitd®wever it has an impact on diagnosis
fees. Balafoutas et al. (2013) have studied theahpf perceived information on the type and
extend of fraudulent behavior of taxi drivers. Bhsen the data from more than 300
undercover taxi rides, the authors find that taxrets exploit their informational advantage
in a systematic way by taking passengers perceagedninformed about the city on longer
detours and charging unjustified surcharges toguaygEss perceived as uninformed about the
tariff system.

While these field studies provide compelling evidembout the problems prevalent in
credence goods markets, they do not directly addites question of external validity of
results based on lab data generated with a uniyestident subject pool. In particular, it is
often argued that students are different from nodents in many respects and that those
differences might translate to different behaviBn, for judging the external validity of
student data one way is to compare the behavistuotents to that of real professionals in the
same environment. This is the way the issue ofreatevalidity is addressed in the current
paper! Specifically, we ask the question whether one wordach similar conclusions
regarding the impact of informational and instibatl constraints on the behavior on markets
for credence goods by taking professionals fromtanget field of interest —the market for car
repairs in the present case— as participants inelgieriments. In addition, we are also
interested in quantitative differences across stlgeols for a given institutional framework,
but only to the extent that those differences hagenomically relevant implications for
optimal institutional design. Addressing those essgeems important because the ultimate
goal of lab experiments in the context of credeymeds is to complement theoretical work in
search for institutions that help to contain theoant of fraud in real world credence goods
markets and because in the end experts —and ri#rgs+ make the key decisions in such

markets.

L A related external validity issue is that the laban artificial environment and as such might missne
behaviorally relevant features of the field. Thisension of external validity is beyond the scopéns paper.
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To address those issues we let 96 car mechanies dekisions as sellers in an
experimental credence goods game and compare libbavior to that of 140 university
students in the role of sellers. We find that ca&chanics react qualitatively very similar to
changes in the informational and institutional feamrk as students do. Regarding
guantitative differences across subjective poothiwia given informational and institutional
framework our most important finding is that car am&nics have a more pronounced
tendency to supply unnecessary services in eatitutiemal framework. We argue that this
difference in behavior is probably due to decisimuristics car mechanics learned in their

professional training.

Several studies have compared the behavior of gswmieals and students in other
environments. Many of them find that professionalshavior is qualitatively similar to that
of students. Examples include Siegel and Harn€d641 who compare the behavior of
students and employees in the industrial sale tiparaivision of General Electric in a
bargaining game and find that the two subject pbelsave largely similar; Dyer et al. (1989)
who compare the behavior of students to that otwkees from construction companies in
common value auctions and find that both exhib& #inner's curse and share also other
relevant patterns; Cooper et al. (1999), who comgze behavior of students and managers in
a market entry game, finding similar core behavamr Potters and van Winden (2000) who
compare the behavior of students and public relatig officers in a lobbying game and only
find minor differencé Those studies finding differences in behavior ssmrofessionals and
students largely attribute them to decision rukgslities, preferences, or information that
professionals have acquired during their careern84§1985), for instance, attributes the
difference in behavior between experienced woolebgiyand students in a progressive oral
auction to the decision rules the former have aequin the market they know; Fehr and List
(2004) report CEOs to be more trusting and morstwrorthy in an experimental trust game
than students are, arguing that CEOs have expedenwre often the possible efficiency
gains from trust and trustworthiness; Alevy et(aD07) attribute the difference in behavior
between market professionals from the floor of@mecago Board of Trade and students in an
experimental information cascade game to the faat the former use a more sophisticated

decision process and are better able to discerqualkty of public signals; and Carpenter and

2 The impression that the majority of studies cormgpthe behavior of students and experts in stahtts
experiments find qualitatively similar patternscisnfirmed by Fréchette (2013). The author revie®sslich
studies and concludes (on page 33) that “[ijn thofe 13, professionals are not closer or furtt@nfthe theory
in a way that would lead us to draw different cos@ns.” See Ball and Cech (1996) for a broaderesuon
subject pool differences in general, and Camer@it32 for an even broader discussion on externadlityalof

lab experiments. Al-Ubaydli and List (2013) propastheoretical model that helps frame the cru@atures in
the debate on lab-field generalizability.



Seki (2011) compare the behavior of shrimp fishermeganized in a group that shares both
income and operating expenses to that of students voluntary contribution game and

attribute the finding that the former contributgrsficantly more to endogenously acquired
social preferences.

The rest of the paper is organized as follows.i8e@ introduces a simple model of a
credence goods market. Section 3 presents the iexgeal procedure and Section 4 the

results. Section 5 concludes.

2. The Credence Goods Model

Consider the following credence goods game, hentefeferred to as conditioB (for
baseline). It is a simplified and parameterizedsier of a game studied by Dulleck and
Kerschbamer (2006) and it corresponds to condiw in Dulleck et al. (2011). There are
two players, an expert seller and a customer. ,Ristexpert posts two priceB" for a low
quality service and" for a high quality service, whef®, P" ({1, 2, ..., 11} andP" < P".

The customer gets to know these prices and thadetewhether to stay out of the market or
to interact with the expert. If the customer stays the game ends and both parties receive an
outside option of 1.6 points. If the customer desitb interact with the expert, nature assigns
with equal probability the need for the low and theed for the high quality service. The
expert learns the customer’s need and providesreitte low (") or the high ¢") quality,
where the low (or high) quality has costscof= 2 (¢4 = 6, respectively) points. Finally, the
expert charges one of the posted priésf he claims to have provided the low quality, and
P" otherwise. The customer receives a value of 10tpdiom the interaction if she receives a
sufficient quality (i.e., if she needs the low dtyaand gets either the low or the high quality,
or if she needs the high quality and gets it), otiee she receives a value of zero. Whether or
not the customer’s need is satisfied, she mustlgayrice of the quality the expert claims to
have provided. Figure 1 illustrates the sequencenoves in this game and the material

payoffs of each player.

In real credence goods markets various informakiand institutional conditions might
limit a seller's fraudulent behavior. We considemotalternatives to our baseline condition,
both limiting a seller’s strategy space (in comgami to conditiorB): (1) liability (condition
L), requiring that the seller provides a sufficigpiality, and (2)verifiability (conditionV),
requiring that the seller charges the price fordbality of service rendered. Thus, liability
precludesundertreatment, and verifiability precludesvercharging. Note that liability does
not preclude overcharging, whereas verifiabilityeslmot prohibit undertreatment. Neither of

them preventsvertreatment.
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Figurel: GameTree

Assuming common knowledge that all players ar@naii and only interested in own material
payoffs the three games can be solved via backmdrttion. In conditiorB, an own-money
maximizing expert always provides the low qualitgaharges for the high one. Anticipating
this, the customer only entersRf' < 3. But with such & an expert is unable to earn the
value of the outside option. Thus, the market seddwn. In conditiorL, an own-money
maximizing expert always provides the appropriatality and chargeB". Anticipating this,
the consumer acceptsRf' < 8. Thus, the expert posB' = 8 " is indeterminate) and the
customer enters the market. In conditign the own-money maximizing expert always
chooses (and charges for) the quality with the dngmark-up (defined as the difference
between price and cost) and is willing to choose dppropriate quality if markups are the
same for both qualities. Since consumers correstticipate this, the expert cannot gain by
cheating. Thus, the expert posts the most proétagual-markup price vector that is accepted
— which is the vectorR’, P™) = (6, 10) — and the customer enters the markaleT3 in the

Appendix summarizes those benchmark predictions.

3. Experimental Procedure

We recruited car mechanics in their third or fouytrar of professional training from the

“Tiroler Fachberufsschule fur Kraftfahrzeugtechnil’vocational school located in Innsbruck,
Austria. These mechanics are apprentices and workgular employees at their respective
auto repair shops. We use them as experts in queriexent. Students at the University of
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Innsbruck acted as customers. The experiment waducted with our mobile lab at the
vocational school. In total, 96 car mechanics aetedellers and 96 undergraduate students
acted as customers in the computerized experimgng zTree (Fischbacher, 2007). At the
start of each session, we informed all subjectsttiexre are two roles in the experiment and
that car mechanics would exclusively act in one arld students would exclusively act in the
other. Then the game was explained to subjecter@ivat car mechanics have less education
and therefore may have difficulties in understagdihe experimental procedure, we took
great care to make sure they fully understood theey We used an intuitive graph to
illustrate the sequence of decisions to car meckafsee Figure 2 in the Appendix). We
walked car mechanics through the games slowly apthimed to them the implications of
each possible choice. Also, all subjects had tevans set of control questions individually,
and the experiment proceeded only after all corqu@stions had been answered correctly.
We had 3 conditions in the experiment: the basetimedition (conditionB), the liability
condition (conditionL), and the verifiability condition (conditiow). For each condition, we
ran 2 sessions with 32 subjects each (16 car mashand 16 students). Within a session, we
formed independent matching groups of four car raes and four students, with random
re-matching of one car mechanic and one studest atich round within each matching
group. The stage game was played 16 rounds, amingsarwere accumulated across all
rounds. The exchange rate between experimentatspaimd euros was 0.25 euro per point,

and participants earned about 13 euros in less30aninutes.

As a comparison to these sessions with car mechascexperimental sellers of
credence goods, we use a subset of the data prdgarulleck et al. (2011). A few months
prior to our experiment with car mechanics, thay aa experiment with an almost identical
procedure and the same monetary incentives, ussudjact pool consisting of 280 university
students, 140 of which were in the role of selfers.

4. Experimental Results

Table 1 provides descriptive statistics for all exmental treatments, wheBe L andV

indicate the three experimental conditions intratbaebove, and subscripgfsandS refer to

% There are three differences in the experimentsigdebetween Dulleck et al. (2011) and the presanty: (1)

In the present study all car mechanics were asgdigméhe role of experts and all students weregassi to the
role of consumers, while in Dulleck et al. rolesrevaassigned randomly. (2) In the present studyestisd
received an extra show-up fee of 5 Euros to congierfor the additional traveling time; the variapiat of
subjects’ earnings was exactly the same as in Blulé al. (2011). (3) In the present study the saqa of
decisions in the stage game was additionally ilist by displaying the “decision tree” in FigurenBile in

Dulleck et al. (2011) the instructions were puretybal.



car mechanics and students in the role of séllereraction is calculated as the proportion of
cases where customers agree to interact. Efficieh@alculated as the ratio of the actual
average profit and the maximum possible averagét mer period (adjusted by subtracting
the outside option from the nominator and denominatindertreatment (overtreatment) is
calculated as the relative frequency with which éxpert provides the low (high) quality
when the customer needs the high (low) one. Inrotdemake overcharging comparable
between condition®8 andL, we follow Dulleck et al. (2011) in defining ové@rging as
satisfying the following conditionsi)(P" > P", (ii) the customer needs the low quality, and
(iii) the expert provides the low quality, but charfpeghe high one.

Table 1: Descriptive Statistics

car mechanics student’

Bc Lc Ve Bs Ls Vs
P 4.79 5.81 5.61" 4.95 5.98 6.03
p 7.47 8.22 8.06 7.63 8.14 7.76
interaction 0.50 0.677 0.50 0.45 0.82 0.50
efficiency 0.11 0.627 0.3 0.18 0.84 0.16
undertreatment 0.61 n/a 0.49 0.53 n/a 0.60
overtreatment 026" 011" 0.257 0.06 0.02 0.05
overcharging 0.72 0.67 n/a 0.88 0.75 n/a
number of subjects 64 64 64 96 96 88

/71" difference between subject pools significant at2B6 / 5% / 10% level according to two-sided
Wilcoxon rank-sum test using group averages asitiiteof observation
# data taken from Dulleck, Kerschbamer and Sutt@t 2.

Result 1. Regardless of whether experts are car mechanics or students, (i) markets
under condition B perform better than standard theory predicts, (ii) markets under condition
V perform worse than standard theory predicts, and (iii) imposing L has a large and
significant effect on interaction rates and efficiency, while imposing V does not.

Support for R1 (i): The interaction ratio is 0.50 B¢, respectively 0.45 iBs, which is
in sharp contrast to the theoretical predictiomafinteraction, but is consistent with existing
empirical evidence of the functioning of actual capair markets (c.f. Schneider 2012, for
instance). Actual undertreatment and overchargatigs are significantly below the predicted
level of 100%, which increases incentives for costs to enter the market. However,
customers are, in general, too credulous as thiy #me market although it does not pay to
do so in the aggregate. Nevertheless, efficienegléeare clearly above the theoretical
prediction of zero with both subject pools. Dullestkal. (2011) discuss social or moral norms

* Throughout the market conditioBs L andV are called ‘conditions’, while a market conditiosnebined with
a subject pool is called a ‘treatment’.



and non-trivial distributional preferences as plolesexplanations. Kerschbamer et al. (2009)
explore the latter hypothesis more systematicatiy provide supporting evidence for that

explanation.

Support for R1 (ii) and (ii): The benchmark solution (displayed in Table 3the
Appendix) suggests that both liability and veriflayp should increase interaction rates and
efficiency up to 100%. However, only liability, boot verifiability, increases the interaction
rate and efficiency significantly in comparisonctanditionB, controlling for the subject pool.
More precisely, interaction rates are significamtgreased in conditiob (p < 0.01 forBs vs.
Lsandp < 0.05 forBc vs. L¢), but not in conditiorV (p > 0.33 forBs vs. Vs andp > 0.91 for
Bc vs. V). Efficiency is significantly increased in condiL (p < 0.01 forBsvs.Lsandp <
0.01forBc vs. Lc), but not in conditior’V (p > 0.53 forBs vs. Vs andp > 0.64forBc vs.VC).5
The insignificant effect of verifiability on intection — compared to conditid®h— is driven by
two factors. First, the prediction f&fis based on expert sellers posting equal-markafpye
(i.e., price-vectors with" - ¢y = P" - c.). Such vectors are very rarely chosen/in(13%)
and inVs (4%), though. Second, the benchmark solution assuire experts provide the
appropriate quality under equal-markup price-vextétowever, experts frequently over- or
undertreat even under such vectors: Students praudinappropriate quality in 17% of the

cases under equal-markup vectors, while car mechaloi so in 42% of the cases.

Comparing the behavior of the two subject poolshinita given condition our most
remarkable finding is an economically important astdtistically significant difference in

overtreatment rates in all conditions:

Result 2. Regardless of the informational and institutional conditions under which
transactions take place, car mechanics provide overtreatment much more often than student

experts.

Support for R2: In all conditions, car mechanics provide the higiality when the low
one is needed significantly more often than stuglgnk 0.05). Notice that under conditions
B andL, overtreatment causes unnecessary costs for fhertewithout any compensating
benefit. Thus, it is pure waste at an own mateost in these conditions. Only in conditign
overtreatment can be profitable for sellers; speadlly it is profitable if they have posted
overtreatment price-vectors (i.e., price-vectorthd” - ¢y > P- - c)). In treatment/s we
observe such price-vectors in only 2% of all casédsle we observe them in 13% of cases in

treatmentVc. Thus, in conditiorV the higher frequency of overtreatment by car meicisan

® All tests are two-sided Wilcoxon rank-sum testsggroup averages as the unit of observation. Ghare
refers to an independent matching group consistirfgsellers and 4 consumes.



can (at least partly) be explained by their priostmg behavior. In Table 1 the difference in
price-posting behavior in conditiovi manifests itself in the price spread between lag
low quality, which is larger, on average, for caeahanics. The difference in price-posting
behavior between/c and Vs might also be responsible for another (weakly s$icgunt)
difference in behavior in conditiod: Car mechanics provide the low quality when thghhi
quality is needed in 49% of the relevant cases]entudents do so in 60% of the cases.
While the difference between subject pools in pbgiaces can at least partly explain the
difference in under- and overtreatment frequenbietsveen subject pools in conditidhit
cannot explain the high overtreatment frequenayanfmechanics in the other two conditions.
Table 1 reveals another difference in the behavidhe two subject pools: The interaction
rate is significantly lower ihc than inLs. This is surprising as with liability consumers do
not have to worry about undertreatment and bectngsposted prices are quite similar in the
two treatments. A possible explanation for thisdiity is that the higher overtreatment
frequency inLc as compared ths drives consumers out of the market. A direct cqusace

of the higher overtreatment rate and the loweraaigon rate ir_c is that efficiency is lower

in Lc than inLs.

Returning to overtreatment, we ran a Probit regoassvith random effects on
individual subjects for each condition to examime tphenomenon more carefully. The
dependent variable is the probability of overtrezim As independent variables we e
P", period, and a dummy variable indicating whetter éxpert was a car mechanics. The
results of these regressions are reported in TAbAs expected from the non-parametric tests,
the car mechanics dummy is positive and highly iBgant (at the 1%-level) in each
condition, confirming that car mechanics are morenp to provide overtreatment than
students. Also, in all conditions overtreatmentrdases irP- and this effect is particularly
pronounced in conditioW. In this latter condition overtreatment also strgrigcreases "

For conditionV those price effects are perfectly in line with thaterial incentives the sellers face,
while in conditionsB andL they are only in line with the material incentivieseller intend to charge
the price for the quality provided (which some eeliio, but not many; this might explain why the
price effects are much weaker in conditi@andL than inV). Finally, the negative coefficient of
the variablgoeriod indicates that overtreatment decreases over films.pattern is confirmed
by Figure 3 (in the Appendix), which shows the depment of the overtreatment ratio over
the last 10 periods in the six treatments. Ovdrneat ratios of car mechanics start much

higher and remain much higher — despite fallingravee — than those of student sellers.

Table2: A Random Effects Probit Regression



dependent variable overtreatment

market condition B L Vv

p -0.144* -0.121* -0.545%**
(0.081) (0.065) (0.102)

pH 0.0541 -0.142 0.484***
(0.073) (0.100) (0.117)

eriod -0.080*** -0.077*** -0.067**

P (0.026) (0.026) (0.028)

car mechanic 0.699*** 0.697*** 0.912***
(0.260) (0.238) (0.284)

constant -0.837* 0.275 -2.085**
(0.475) (0.749) (0.863)

observations 301 502 299

prob > chi2 0.000 0.000 0.000

7,7 denotes significance at the 10%, 5%, 1% levelaetyely
Note: Random effects are on the level of the imtlial subject. Interaction terms were dropped
due to their insignificance and the improvemennivdel fit (Bayesian information criterion).

Turning to possible explanations for our resultadents differ from car mechanics in many
dimensions including family background, wealth, eation, etc. and each of these differences
could potentially be responsible for the differen@e behavior we observe. If they are, then
our findings are not primarily due to the fact tloate group is composed of professionals in
the field of interest while the other is composddstudents. However, with most of the
mentioned factors it seems unlikely that they diyedrive our findings. More likely, car
mechanics’ professional training, routines, andwsimduce them to use decision heuristics
different from those of students. In the currenpekment, car mechanics are introduced to
the new, unfamiliar environment of an economic expent. When facing such an
environment it seems plausible that car mecharebgs an decision heuristics for similar
situations experienced in the field. In that senise,tendency of car mechanics to overtreat
seems to be consistent with the incentives theg faceveryday life. In the car repairing
business undertreatment often implies serious cpm@sees, either due to institutional
constraints or the car mechanic’s concern for épgitation. Overtreatment, on the other hand,
is difficult to detect and to punish. This mighél strong incentives in the car repair business
to provide higher quality than warranted. And thisrendeed evidence suggesting that these
incentives translate in behavior. For instance,UBeDepartment of Transportation estimated
that more than half of the expenses for car repars unnecessary, thus constituting
overtreatment (Wolinsky, 1993). It seems reasondh#& our car mechanics have been
repeatedly exposed in their professional careghigkind of incentives for overprovision,

making them more prone to providing unnecessamjcas also in our experiment.
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5. Conclusion

We have compared the behavior of university stugdamid car mechanics as sellers in an
experimental credence goods market. Our resulte Bhewn that both subject pools react
gualitatively in the same way to changes in the@rmfational and institutional framework.
Specifically, we have found that liability — buttneerifiability — has a strong effect on the
likelihood of interaction and overall market ef@acy. Thus, the main results of previous
experimental studies (by Kerschbamer et al., 2806, Dulleck et al., 2011) on the effects of
institutional safeguards on credence goods masgketsobust against a change in subject pool
from university students to real experts. Regardiifeerences in behavior across subject
pools within a given market condition we have fouad economically important and
statistically significant difference in the prop#nsto provide too high quality (like
unnecessary repairs). Specifically, car mechanage hchosen overtreatment significantly
more often than university students in all condisioln line with previous literature (see, e.g.
Burns, 1985; Alevy, et al., 2007), we have arguwt this difference is most likely due to
particular decision rules that professionals —rmachanics in our case — have developed in
the past. Since in the car repairing business 1 asany other credence goods markets —
undertreatment is typically observable and verl&alihile overtreatment is not, and since in
real life a diagnosis is typically subject to esoreal experts often face strong incentives for
providing “safe solutions”. Seen from that perspegtthe tendency of car mechanics to
overtreat in an experimental market for credencedgoseems to be consistent with the
incentives they face in their everyday professidifal

We view our findings as potentially having impottamplications for the design of
institutions for credence goods markets: Previoggeemental results (by Kerschbamer et al.,
2009; Dulleck et al., 2011, or Beck et al.,, 2018r fnstance) have suggested that
overtreatment is hardly an issue in such markettevdommon sense suggests that it is an
important phenomenon in real credence goods marKetbe findings reported here are
confirmed in future research then they suggestithposing liability alone is insufficient to
contain fraud in markets for credence goods ans itisight might then stipulate further
theoretical work on the design of better institnioBesides providing important substantive
information on behavior in markets for credence dgahe present work (together with
Dulleck et al. 2011) also offers a methodologicalntcbution in suggesting the
complementary role of experiments with studentsi¢tvitan easily be conducted on a large
scale) and those with professionals (where theesufahe experiment is typically limited).

Investigating how professionals make decisions tylized mini-games in the lab
touches only one dimension of external validity, cofurse. A related issue concerns the
11



artificial environment in the lab, which also mergerious consideration. In that respect our
work presents only a first step and more work isdeel to bridge the gap between the lab and
the naturally-occurring setting of interest, befamnclusions can be drawn for the optimal
design of institutions for markets for credencedgo
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Appendix

Decision 1 (A)

Decision 2 (B)

Decision 3 (A)

Decision 4 (A)

Bothearn 1,6
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Action | costs 2
Action |l costs 6
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Figure 2: Example Slide Used in Car M echanic Treatments

15



Frequency

3
I
3

2
4
]
T
2

T 1T 1T "1 "1
7 8 9 10 11 12 13 14 15 16

Period
Bs Be
————— Ly s | 0
ffffff VS  msmrmememen \/C

Figure 3. Overcharging over Time
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Table 3. Predictionson Trade and Pricing-, Provision- and Char ging-Policy

(Symmetric Perfect Bayesian Equilibrium with Own-yy Maximizing Players)

Interaction | PriceVector Provision Charging
Baseline (B) 0%. n.d. always low overcharging
always low if P" - ¢y < P-- ¢,
Verifiability (V) 100% (6, 10) efficient prov.if P"-cy= P--c_ | honest charging
always high ifP" - ¢y > P - ¢
Liability (L) 100% (n.d., 8) efficient provision overcharging

Note: n.d. stands for not determined in theoresodltion, bufP* has to satisf" < P".
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