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ABSTRACT

Conflict-related sexual violence (CRSV) m® longer understood as simply a-fapduct of
war, yet the role of humanitarian awdthin conflict zonesnd its potential texacerbat such
violence remainsinderstudiedThis study aims to fill this gap by investigating humanitarian
aidd s i anpC&8M prevalencdt theorizes that humanitarian aittrease<CRSV through
several pathways intensifying armed group competition, incentivizing civilian
punishmerftontrol and injecting resourcesinto conflict zonegs ultimately prolongng
conflicts Utilizing Sexual Violence in Armed Conflict 88AC) andFinancial Tracking Service
(FTS)data this hypothesiss empirically tested through logistic regression anajys®wing
moderate but robust support for the hypothesis, indicating that higher levels of humanitarian
aid are associated with a small increase in the likelihood of CRB&&e indingsunderscore
the importance of integiag CRSV into policy frameworks and further investigating

humanitarian aid s e fpdrtieutatlysnwomen and girls, who bear the brunt of CRSV
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Introduction

As conflicts persistglobally, exemplified by theprolonged conflict in Sudan, Gaza, and
Ukraine, among others, it becomes ever more essential to explore their prafoudiverse
impacts on civilian population€ouncil on Foreign Relations. (2024 a, b, ©f particular
importance is understanding the effects on women and girls, who often bear a disproportionate
burden of the consequences aufnflict. Among these consequences is prevalence of
conflict-relatedsexualviolence (CRSV), an issue thatshgained more international attention
and scholarly recognition over the past two decadgsctingthe priorbelief that CRSV is
merely a byproduct of war Instead, CRSV is increasingly understood as a radtted
phenomenon impacted by a variety of causesh as the patriarchal societal structures and the
organizational dynamics within armed groupsdicating a paradigm shift in how it is
perceived CRSV hasbeen defined in different ways by international organizatiextending

far beyond a simptic interpretation of CRSV limitedtbr ape . i n war 6

For instance, hte United Nations (UN)defines CRSV as firape, sexual slavery, forced
prostitution, forced pregnancy, forced abortion, enforced sterilization, forced marriage and
any other form of sexual violence of comparable gravity perpetrated against women, men, girls
or boys that is directly or indirectlyirlked to a conflici (United NationsSecretaryGeneral,

2019, p.3)Other definitionof CRSValso includesexual torture and sexual mutilation (Wood,
2009).

Sexual violence related to conflicparticularly rape which has beemost thoroughly
researchechas beernternationallyrecognizedas a tactic of war anatool for terror (United
NationsSecretaryGeneral, 2019)Hence,CRSV isemployedby armed groups as wayto
control, intimidate, scarge punish, and humiliate civilian populations (United Nations
SecretaryGeneral, 201P Furthermore, it servesss acommunication strategyetweemarmed
groups(Buss, 2009)The brutality of CRSVinflicts bothphysical and psychological harm on
victims/survivorswhile alsoposing a threat to international peace and security (United Nations
Development Fund for Women, n.dGQiven these severe ramificatiQf@RSV emerges as a

pressing concern requiring immedig&eholarly)attention.



In response to the escalating conflicts worldwttie,amount ohumanitarian aitlhas leveled
up to help the growing number of people in neBy.2022, the demand for humanitarian aid
hadreached unprecedented levels, driven partly by new and ongoing comfiateg other
natural and manmade disast@P&velopment Initiatives2023).With its primary goalto save
lives and alleviate human suffering, humanitarian aid thaseforebecome increasingly

crucial.

Despite the escalatingemand andgrovision of humanitarianaid in conflict zones, there
remains a notable gap in understanding (tm@ntended)consequences afuch assistance
Notably, theeffectsof humanitarian aiéh conflict zoneson the prevalence of CRSV have yet

to be thoroughly researchet¥hereas previous)\CRSV has been regarded as gopgduct of

war, it mayalsg tosome degrede reinforced byaumanitarian aidThisthesisaims to address

the abovementioned researchyap by exploringthe effects of humanitarian aidon the
prevalence of CRSV e xpl or i ng t Isthe iqppaebshumaaitarian afid\bihea t
prevalence otonflict-r el at ed s e x ual Townswedr thinresearchi qUESHON, }he& 0
thesis will first analyze the existing literature pertaining to both CRSV and humanitarian aid.
Then, t will formulate a theoretical framework arguing that humanitarian aid, through several
mechanisms, including (1) increasing armed group competition, (2) incentivizing civilian
punishmenand controland (3) supplyingesources, ultimatelgrolongingconflicts, increase

theprevalenceof CRS/.

To empirically test this argument, a logistic regression analysis will be performed using data
from the ®xual Violence in Armed Conflict (fAC) dataset and datasets sourced from the
Financial Tracking Servic FTS) This project thus analyzes thieolistic effects of
humanitarian aid on the prevalence of CR@ther thanndividual assessments of particular
forms of humanitarian ai(such as shelter or food) on CR®YevalenceSuch analysis lies

beyond the scope of this reseaprhjectand presents opportunities for future studies.

1This thesis uses the words oédhumanitarian aidé and
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Literature Review

The sectionbelow delves intorelevantprior literature concernin@RSV and its intersection

with humanitariaraid. The initialpartexplainsthe multifaceted nature of CRSV, exploring its
variations and underlying causes. Subsequently, the discussion goes to humanitarian efforts
targeing CRSV, alongside a broader examinatiomgeherahumanitarian assistanpeovided

in conflict zones. Ultimately, this section identifiasgap within the existing literature to

motivate this researgbroject

Conflict-Related Sexual Violence (CRSV)

Over the past two decades, CRSV has gained increasing attention from researchers,
encompassing both qualitative and quantitasiwslies In the pastCRSVwasregarded as an
inevitable byproductand consequenad war, deeply entrenched within the basis of conflict
(United Natiors, n.d, -a). However, recent scholarship has challenged this assumption (Wood,
2006,2009;2012 2014 Cohen, 2013Cohen & Nordas, 2014), revealing that not all actors
engage in CRSV, and the type and frequency of sexual vlery significantlydepending

on the conflict The recognition of this variability underscores the importance of understanding

the factors that mitigate the prevalence of CRSV to ultimately prevedntut® occurrence.

Various scholars have put forth diverse perspectives on factors underlying. GR8V

following section explorethe interplay okeveral of theefactorsandCRSVin order to better
comprehend why and how CRSV occurke discussion will begin wittihe impact okocietal

gender normsn CRSV, thenitwi | | move toward the dédconti nuun

finally, totheimpact ofa r me d grgaoizajosabstructuresn CRSV

Patriarchal Societal Structures and Gender Norms

The predominant perpetration of CRSV by men against women has led feminist literature to
explore the roots of CRSV within societal gender norms. Scholars such as Davies and True
(2015) argue that CRSV is best understood through the lens of constructed rgpdesl with

higher levels of gender inequality correlating with increased CRSV prevalEneg.argue
thatcurrentresearch focusing on CRSV often neglects the systemic gender discrimination that

fuels CRSV by instead concentrating too much on the dynamics of armed groups.



While acknowledging thaCRSV predominantly affects women and girls, it is essential to
recognize that men, boys, and individuals within the LGBTQ+ communityfallsactim to

CRSV (Kiss et al., 2020). Davies and True (20X®weverargue that even in cases where
men and boys are victims of CRSV, this violence remains rooted in the same patriarchal norms
that perpetuate violence against women and:golsiumiliate andundermine their agency
Furthermore instances of violence against men and boysoften underreported due to
societal expectations of masculinity and masculine dominance, which can contribute to a
reluctance to acknowledge such incidents. Theref@esjies and True (2015) argue that
despite differences in reporting and acknowledgment, the fundamental roots of ICIR&8V
patriarchal norm$ are consistent across aisesThe substantial impact of gender norms on

the prevalence of CRSV hatsobeen acknowledged lotherswho haveperformed research

on CRSV (Andersin, 2020)This thesiswill, thereforealso controffor gender inequality by

means of a control variable

On the other handscholars (Cohen, 2013; Cohen & Nordas, 2014; Wood, 2@Barguel

that the patriarchal perspective alone fails to account for variations in CRSV prevalence among
different armed groups or within the same conflietom this viewpoint, the patriarchal
perspectivdails to address the disparities observed in societies where armed groups either
refrain from or exhibit minimal perpetration of sexual violence, as well as situations within the
same conflict where certain actors engage in ZRMile others do not (Cohen & Nordas,
2014).

Continuum of Violence

Another perspectiveadvanced by Cockburrf{2004 posits that CRSV represents an
amplification of preexisting societal sexual violence. This viewpoint regards CRSV as an
extension and perpetuation of existing patterns of violence. Within society, sexual violence
often stems from entrenched gender norras¢bndone violence against women, as explained

by the earlier perspective @ocietalgender norms. In times of conflict, these preexisting
tendencies towards violence are exacerbated rather than fundamentally altered. Hence, the
argument is that theistinction between peace and war periods lies not in the nature of violence

but rather in its intensity.

While a number of scholars are convinced by this idea of a continuum of violerauesé,
2015;Manjoo, 202; Manz, 2008;True, 2020) Wood 012;2014) argues that in relation to

-4-



CRSV, it is overlysimplistic. She argues that this framework fails to fully explain the diverse
manifestations of sexual violence in different conflict contexts. For instance, empirical
evidence challenges the notion that sexual violence consistently follows a lineasgimygre
during conflicts. Woodsuggests that the continuum argument may hold more weight when
considering CRSV perpetrated by intimate partners as opposed to by strAsgéisthesis
project will analyze CRSV perpetrated ggvernmentorces, pregovernment militias, and
rebel groupsas opposed to intimate partners, it is argued that the continuum of violence

argument carries less weightignedwi t h  Woodds ar gument

OrganizationalSructure

Another important aspect thatarguably influences the prevalence of CRSV is the
organizational setip of armed groups as well #seir recruiting techniquesWartime rape

often cited as a quintessential example of sexual violence in conflict, has been analyzed by
scholars fodecadegGottschall, 2004)it is scholarly established that rape can serve as a tactic

of war, categorizing rape as either 'opportuniticiotivated by personal desirds or
'strategid@d aligned with organizational objectiveéd/ood 014;2018) adds to this discourse

by introducing a nuanced categorizatitime concept of ‘practiceThis concepencompasss
instances of rape that are neither systematically ordered nor socially sanctioned but are instead

tolerated within the context of social dynamics and interactions.

Expanding on this perspective, Wood (2018) underscores the significance of group cohesion
of armed groupsin shaping the prevalence of CRSV, emphasizing the influence of
organizational policies. Additionally, research by Cohen and Nordas (2bavsthat forced
recruitment into armed groups plays a significant edavell in explaining the prevalence of
CRSV. In situations where individuals are coerced into joiammgedgroups, CRSV serves as

a mechanism o$ocialization, fostering group cohesion and solidarity, often manifesting in

practices such as gang rape.

In summarythe previous section has outlined theious theoretical frameworks examining

the intricacies of CRSV, highlighting kdctors such as gender norms, the continuum of
violence and the organizational structure and recruitment tactics of armed groups. These
insights are foundationaisightsfor this thesis and will baccounted for in the methodological
approach wherever possible given dataconstraints While this study refrains from placing

humanitarian aid as the sole determinant of CR8dfes scrutinize its potential role alongside
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other factors, assessing its impaontunderstandinghe prevalence cZRSV within a nuanced

framework.

Humanitarian Assistance Targeting CRSV

The section that followswill summarize the current scholarly findings regarding the
effectiveness of humanitariassistancéargeted at combating CRS®nly in recent years has
the issue 0€CRSVgainednoteworthyattention. In this timehoth on the global stage and within
academic circlesseveralhumanitarian initiatives have emerged to tackle ibssie. These
initiatives encompass a range of strategies, incluelstablishing communitpased protection
mechanisms, providing medical and psychosocial support victims/survivors, and
advocating for policy reforms to enhanaecountability for perpetrators (Spangaro et al.,
2013). However, given thenly recent recognition of the issue, research examgittie efficacy

of humanitarian assistangsecombating CRSV is still in its nascent stages.

A recent systematic review conducted by Spangaro et al. (2013) highlighted a lack of robust
evidence regardinthe effectivenes®f humanitarian initiatives reducing the risk, incidence,

and harm of sexual violence in (post) conflict settingsverthelessamong theypes of aid

evaluated, those focused @nsitivecommunity engagemerdandthe sec al | ed &6 mul t
c 0 mp o n e showedamegosise. These initiatives facilitate trdstilding between civil

society organizations, involve local stakeholders in collaborative preftdving, and have

proven effective in addressing the main barfiessich as stigma, shame, and limited access to

suppord that often deter survivors from seeking assistance (Gitofano, 2014).

In particular projects focused on firewood distribution and efforts to address violence
perpetrated by peacekeeping forces have indicated reductions in CRSV. However, other
initiatives have underscored the persistence rise of CRSV due to ongoing stigma and

inadequate support and protection for individuals who choose to come forward and testify.

Consequently, the existing literature on the impact of targeted humanitarian assistance on
reducing CRSV remains inconclusive and contisgpendent, emphasizing the need for further
investigation. Thighusnecessitates a deeper analyparticularly of the unexploreabtential
relationship betweegeneralhumanitarian aid and CRSV, exploring how humanitarian aid

influences conflicts and violence and its subsequent indirect impact on the prevalence of



CRSV. This gap in research forms the focal point of this thesis, delving into this complex
interplaybetweenevels of humanitariaaid andthe prevalence adexual violence in conflict
zonedo offer a more nuanced understandinghef specific nature of threlationshipbetween

thetwo variables

General Humanitarian Aid Related toConflict

Unlike t h e 0t ar g et kudanitarian a€siktan¢edutlined previously, general
humanitarian ai@ncompasses amergency aid provided to individuals affected by disasters,
including both natural and manmade disast€neprimary goalof humanitarian assistance is

to sawlives and alleviahuman suffering. Various humanitarian organizations offer this aid,
typically including provisions such as shelter, food, healthcare, and other essential services
(United Nations, n.d-b)

Although thepurposeof this thesis i2o explorethe (indirect) impact of humanitarian aid on
CRSV, it's essential to acknowledgbe wider objectivesof humanitarian aid With
humanitarian aid's primary aim to save lives and mitigate suffering, protection from violence
is notpart ofits maingoals.Yet, recognizing the multifaceted nature of humanitarian assistance
underscores the importance of evaluating its ingaithin the specific context of conflict and

violence.

The Dual Nature of Humanitarian Assistance in Conflids Impact on Violence.

The section below analyzes the existing research on the snplttumanitarian aid on
violence and conflict dynamic3his literature reveals two contrasting perspectiv@s one
hand, humanitarian aid gerceived by expertss a means of protecting civilians from further
violencethrough the provision of, for example, shelt®n the other hand, i argued that
humanitarian aidcan fueland prolong conflicts and violenday, for instance,injecting

financial resources and food into conflict zones

Wood & Sullivan (2015) argue that humanitarian aid in conflict zones creates strong negative
externalities by encouraging both rebel forces and government forces to engage in violence
against civilians. They argue that infloeShumanitarian aitiegatively alter violence patterns

in conflictsby encouraging looting and predatidm thiscontext aid becomes a means to abuse

local civilian populationsEssential aid resources, such as food, medical supplies, vehicles, and



communication equipmentbecome targets for rebel groups to replenish their depleted
resources. Additionally, these resources can be perceived as challenigesuthority of
armed groupsn occupied regiondgeading toviolent responses aimed at deterring civilian

defections.

Other scholars agree that humanitarian aid can fuel further violsiacang (2015) suggests

that humanitarian aid may worsen or prolong conflicts by heightening uncertainty about each
groupobds relative strength. As aid flows 1int
engagement and fighting for one or both groepssequently prolonging the conflict. Despite

this, even in scenarios where humanitarian aid contributes to the prolongation of conflict, it
may simultaneously shield civilians from wolce. This dual nature underscores the

complexity of its impact on conflict and violence dynamics.

Terry (2011) adds to this discourse, highlighting instances where humanitarian aid can
inadvertently subject civilians to violence when provided as part of a political or military
strategy. For instance, villages receiving aid may face repercussionsdoing it, or aid
agencies themselves may become targets of violence. This underscores the challenge of
maintaining neutrality in delivering humanitarian aid, particularly in politically charged

conflict environments.

Conversely, researchers have also nbotaghumanitarian ai¢an reduce violende conflict.

Baines & Paddon (2012), for instance, explain how humanitarian assistance can provide
immediate need®r protection and has the potential to add to and empower civil agenc
conflict zones Moreover, Berman et al. (2011) found that aid projects, particularly those
focused on providing local public goods through economic transaéticeus reduce violence

and improve local support for government forces. Thisatolu in violence can be attributed
toapr o) ect tsddresé tinderlyting grievances, such as powartynemployment,
thereby mitigating the root causes of insurgency while at the same time building trust and
cooperation between local populations and government forcesaisuch, is used to win

Ohearts and mindsé, ultimately reducing supp

Moreover, aid influxes bring international attention to confjitiey bring many foreign aid
workerswho, in turn,r ai se the international community¢

Sullivan, 2013). This can discourage violence as arioegs mayfear a backlash from the

-8-



international community. Furthermore, donor countries, leveraging their aid contributions,
hold power over government actions, with the potential to withdraw aidiifdkbavior is not

in line with theaidd o n adendasd For instanceAdelaiyeet al. (2023) found thah many
cases donor countries withheld aid in response to ssa@nsored sexual violence during
conflicts, resulting in a decline in foreign direct investment (FDI) due to reputational and

economic repercussions.

Conclusion

In summary, this literature review hasalyzedhe intricate dynamics surrounding CRSV and

the pivotal role of humanitarian assistance in addressing this complex issue. It has provided a
comprehensive overview of CRSV, highlighting its multifaceted nature and the diverse factors
contributing to itsprevalence Through examining various scholarly perspectives, including
patriarchal societal structures, the continuum of violesrggiment and the organizational
dynamics within armed groups, this review hlaedslight on thenultidimensionahature of

CRSV perpetration.

Furthermore, the discussion has underscored iticenclusive results ofumanitarian
initiativestargetingCRSV, revealing instances where such efforts have not yielded the desired
outcomes and may have even exacerbated sexual violgated toconflict. Consequently,

this thesis undertakes broader examination of the impacts of general humanitarian aid in
conflict settings, revealing the complex interplay between aid influxes and caoauficct
violencedynamics. While humanitarian d&idaim is to save Wes and alleviate sufferingf,
mightinadvertently fuelsexual)violence and prolong conflictdleverthelessptherscholars

have acknowledgd how humanitarian assistan@an reducgsexual)violence in conflict,
including its ability to provide immediate protection, address underlying grievances, and draw
international attention to conflicklated atrocities, potentially deterring furth@sexual)

violence.

Against this backdrop, this thesis will critically analyze imglications ofhumanitariaraid
influxes on the prevalence @RSVthrough quantitative analysiBy examining tiis nuanced
relationshipempirically, the study aims to contribute to the development of more effective
policies aimed at mitigating the prevalence of CR®M reducing human sufferingtimately

fostering peace and stability in conflmines.



Conceptual/ Theoretical Framework

As indicated previously in the literature review, this thesis aims to research the impact of
humanitarian aid on the prevalence of CR8\¥ferent arguments have bepuat forwardthat
presume the relationship between humanitarian aicvimfehce and conflict dynamicas has
been outlined within the literature reviewhis thesis willexpand uporthesearguments

expectinghatincreasedhumanitarian aiéhflux correlates with a highgarevalence o€RSV.

Theorizing about the impact of humanitarian aid on CR®Ses several challenges. Firstly,
humanitarian aids a broad concegincompassingarioustypes of aigdeachpotentially having
diverse impacts on the dynamics of the conflict, the violeaoel the sexual violence
SecondlyCRSVitselfis also avide-ranging concept, including many types of sexual violence
related to conflictDifficulties arise in presuming the relationship when a particular type of aid
may have different effects on diverse types of CRSV, for instanaedoging the amount of
rape in war but increasing the amountekual slavery. Consequentlygoh speiic type of

aid can simultaneously yield both positive effects and negative effects @netiedence of

CRSV, which complicates estimating the relationship between thedables

Despite theedifficulties, this theoretical framework will presesu argumentadvocating for
an overall positive effect of humanitarian aid on the prevalence of CR8Mwing upon
compelling argumentsoncerning the ramifications Glumanitarian aidnfluxes on violence

and the overall conflict dynamics.

Intensified Competition betweenArmed Groups

Whenhumanitariaraid enters conflict zones, for exampie the form of medicasuppliesor
food, it is notguaranteedhat it will solely go tothe civilian population Sometimes, these
resourcesfall into the possessiorof armed groupsvho seekto replenish theirdepleted
resources According to Wood & Sullivan (2015)sending humanitarian aid in conflict
environments creates opportunities for looting and predatioarimged groupsThis thesis
assunesthatthe limited resources in the form of humanitarian aid &eehpetiton between
armed groups asrmed groupgsie for these resourceblarang (2015) further argues that the
influx of humanitarian aid introducascertainty for armed groupggarding theirelative

strength. Both thesdynamicsheightenthe violence within conflics, and this thesis expects
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that civilians increasinglybecone targets of this violengancluding in the form ofsexual

violence.

Heightened Violence againsCivilians

A differentyet related aspect to the introduction of humanitarian aid in corztioesis the
direct harm inflicted uporthe civilian population.The perceivedchallenge ofauthority of
armed goups posed bhumanitarian aidncentivizesarmed groups tseekcontrol over he
civilian population, reduag the risk of defectionThis pursuit ofcontrolover the population
often involves the use ofiolence, including sexual violenc&erry (2011)further contends
that civiliansmay face punishmerfior receiving aid beconing targets of (sexual) violences

a result This thesis thus argues that humanitarian aid incentivizes civilian punisiament

search forcontrolover civilians, consequentlyncreasingsexual violence

Prolongation of Conflict

Building upon the dynamics outlined above, another important consequence of the introduction
of humanitarian aid in conflict zones is its potential to prolong conflidtsnanitarianaid
influxescanserve a dual functioritems such as food amstheltermaybeacquiredand used by
armed groupgor their own needsvhile, on the other hand, being accessed by the civilian
population. When aid is received by the civilian population, it can alleviate the need for armed
groups to allocate resources towards awilivellbeing thereby freeing up all resources to be
dedicated solely to warfarBarang (2015)therefore, concludes that humanitarian aid directly
and indirectly mitigateshe costs of fightindor armed groupswith lower costs of fighting,
conflicts can more easily be sustained and prolongbkis. thesisanticipatesthat prolonged
conflicts extendthe environment conducive t(sexual)violence against civiliangherefore

increasing sexual violence

Causal Chain

As outlined abovehumanitarian aid is expected to have several sanaltspositiveeffects
on the prevalence of CRSVYhe theoretical argumeras discussed above, is outlined in the

causal chain in Figure delow.
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Influx of humanitarian aid
in conflicts.

/ | \

Higher competition Armed groups Resources (e.g. food,

between armed seek control shelter, medicine) are
groups. over civilians. captured by armed groups.

- + +
Uncertainty about each Civilians get Resources are captured by
armed group’s relative punished for civilian population; armed
strength. receiving group’s responsibility towards
humanitarian aid. civilians reduces, freeing

resources for warfare.

| l !

Conlflicts become Violence against Conflicts lasts longer.
more violent. civilian population
heightens.

N\, l

The prevalence of CRSV increases.

Figure 1: Causal Chain ofhe Theoretical Framework

Hypothesis

The theoretical argument for this thesis is captured in the following hypothesis.

H: Higher levels of bmanitarian aid will increase tHielihood of conflict-related sexual

violence (CRSV).

-12-



Methodology /Research Design

Data

This study amsta nswer t he r eWhatstheimpadolheranitar@amid on i

the prevalence abnflict-relatedsexualvi o | e n ¢ e I{teSt&h® Mypothésis h aligherd
levels of humanitarian aid will increase the likelihood aoinflict-related sexual violence
(CRSV) occurringd utilizing quantitativemethods specifically through the use oflogistic
(Logit) regression model&Vhile no previous studies have focused on analyzing the effects of
humanitarian aid on CRSV with quantitative methods, other aspects impacting CRSV have
been thoroughly researched quantitatiyepecially in the past few yeaedso using logistic
regression modelsThis thesis relies on two main datasets that cover the independent and
dependent variablethe amount of humanitarian aid received and the prevalence of CRSV.
Aside fromthis, six control variables will be included using five additional datasets. The
variables controlled for in this thesis ar@) year, (2) Gross Domestic Product (GDP) per

Capita, (3) population,(4) gendey (5) conflict intensitylevel and (6)political regime.

Time Frame

The selected time frame for this research is between the years of 2000 and 2021. This decision
is made by evaluating the available data, capturing the humanitarian aid received and the
prevalence of CRSYor a set of countriegFinancial Tracking Service, 202&ohen and

Nordas 2014) The first dataset only contaiegbstantiaamounts of data from 2000 onwards,
whereas the second contains data from 1989 until 20&icd+the choice igor a time frame

of 2000- 2021.

Choice of Statistical Model

As will be elaboratedmore extensively within the operationalization of the variables, the
dependent variable in this research, the prevalence of CRSV, is an ordinal variable scaled from
0 to 3. Given the complexity of this scale variable and its interpretation, this thésisngiify

it by recoding the scale into a binary variable, following a methodology employed in previous
research on CRS\J¢hansso& Hultman, 2019:Tottie, 2023). In contrast, the independent
variable, humanitarian aid, is a contius variable. A logistic regression model is therefore
deemed suitable and appropriate, with the dependent variable being binary, as this model

estimates the probability of an event occurring or not. This model enables the exploration of
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the relationship between the probability of CRSV occurrence (the dependent variable) and the
predictors (the independent variables), such as humanitarian dideaomhtrol variables. The
output of logistic regression quantifies the likelihood of the CRSV occurring given a unit
change in humanitarian aid while controlling for other variables. To add robustness to the
model, it will be compared to a probabilis{ierobit) model, analyzing whether both models

yield similar results. If so, the logistic mog®bvides a good fit of the data.

Operationalization of Variables

The Independent Variable

Theindependent variable that will be studied in this thesis is the amount of humanitarian aid
received. This amounimeasured iJS dollarsandstructured on a countiyy-year basisis
captured by the datasets from the Financial Tracking Service from the UN Office for the
Coordination of Humanitarian Affairs (2024TheUN servicetracks the overall humanitarian

aid contributions to countrigsy compiling data sourced from numerous organizations and
donors.Given the diversity of information sources andatons in data quality, discrepancies
such as omissions or inaccuracies within the database may Hoouever, agthese datasets
offer the most comprehensive, timeleaad updated data on humanitarian aid received per
country per year, it is the preferred optidn. the following analysis, the amount of

humanitariaraid received will bemodified tomillions of US dollarsfrom US dollars.

The Dependent Variable

The dependent variable of this the@ghe prevalence of CRSV. Thikta is sourceffom the
well-established SVAC dataset by Cohen and Nordas (2014). As mentioned before, definitions
regarding CRSV differ, but for the purpose of this thesis, the SVAC datasetd ef i ni t i or
CRSVis adopted. According to the SVAC dataset, CRSV inefdl) rape, (2) sexual slavery,

(3) forced prostitution, (4) forced pregnancy, (5) forced sterilization/abortion, (6) sexual
mutilation, and (7) sexual torture (Cohen, 2021). This definition is geraldral andloes not

exclude male victims.

This dataset codes data frdkmnesty International, Human Rights Watelmd the US State
Department annual repoytsherefore decreasing missing data and potential bias from

underreportingThis dataset has been utilized for several other research papers pertaining to
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CRSV (Anderson, 2020; Dumas, 2023; Fransson, 2@2bansson& Hultman, 2019
Johansson & Sarwari, 2019; Tottie, 2021, 20&8lis, 2021). For the purpose of this research
project, the most recent updated version (2021) of this database will be used, reporting on

SVAC in all active statdbased armed conflicts

An armed conflict I's defined in this datase
government and/or territory where the use of armed force between two parties, of which at least

one is the government of a state, results in at least 25-beittliee d deat hso , ( Gl edi
2002, p. 619)

Sexual violence prevalence is quantified on an ordinal scale &f @and 3, indicating the

relative magnitude of sexual violence perpetrated by a conflict actor within a specific year.
Prevalence coded as 3 is called Omassived or
instances of sexual viol ence. Preval ence <co
indication between 2899 incidents of sexual violence. Prevalence offlmee sent s Os ot
sexual violence, with up to 25 incidents. Moregvarevalence coded as O signifies sexual
violence not mentioned within conflict reports. Lastly, prevalence code8%sepresents

missing valuesand no reportsThedatasetthus,does not providepecificnumerical values

for instances of sexual violence.

An important limitation of researagig CRSV is its high level of underreportinurvivors of
sexual violence may refrain from reporting or seeking help aftattack because of the low
available medical and/ or judicial services and the scarce prosecution ohcdss#scountry

In addition,social pressutdeelings of fear of stigma, exclusion from the community, reprisal,
as well as feelings of shammepresent extra barriets seeking help andeporting CRSV
(United Nations, 2020)It is crucial to keep this data limitation in mind when performing

research on CRSV.

As discussed aboveheé SVACdataset reportthe prevalence of CRSV from threestihct
sources the US State Department, Human Rights Watch, and Amnesty Internatiévsad
result of thisthere are instances wherergaare variations in reportgaevalencdor the same
countryandyear. This could arise from diverse reporting tactics or different reporting locations
within the same country-or the purpose of this research, the highest value ofepperted

prevalence codes will be uséor eachcountry in eachyear. This is deemed appropriate
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because the highest reported scoeptures the most accurate representatiorlCRSV
prevalenceFurthermorewith CRSV oftenbeingunderreportedaking the highest prevalence

offersextra motivation

The current distribution of the prevalence of CRSV is seen beléigime2 and Table 1 This
ordinal scale will be collapsed into a dummy variable, where O will account for both the
observations of the prevalence of 0 and ,ofrid 1 will account for both the prevalence of 2
and of 3.The distribution of thgrevalence of CRSV aftaollapsingthe sale into adummy
variable can be found in Figure 3 and Tabl&l#s scale is chosen to partially account for the
phenomenon of underreportirfgllowing previousresearch nthe effects of UN peacekeeping
missionson the prevalence @RSV (Johasson& Hultman, 2019; Tottie, 2023).

Prevalence of CRSV
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z
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[ | | l
0 1 2 3

Scale

Figure 2: Distribution of CRS\Prevalence

Tablel: Distribution of CRSV Prevalence

Scale of Prevalence ol 0 1 2 3
CRSV
Number of Observations | 253 115 66 49
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Figure 3: Distribution of CRS\VPrevalenceafter Collapsing Ordinal Scale into a Dummy Variable

Table2: Distribution of CRSV Prevalence after Collapsing Ordinal Scale into a Dummy Variable

Dummy Variable for Prevalence of| 0 1
CRSV
Number of Observations 368 115

Control Variables

As indicated previouslyhts thesis will control fo(1) year, (2) GDP per Capita, (3) population,
(4) gender, (5) conflict intensity level, and (6) political regime.

Year

The firstcontrol variable that will be included in this research is the year varlabt&porating
this variable makes it possibleto addresstemporal fluctuations between CRSV and
humanitarian aid anskerves to account for potential timedated effects that may influence the

relationship betweethe two variables

GDP per Capita and Population
Following related research to CRSV, this thesis project will also control for GDP per Capita
and population (Tottie, 2023). These two variables are derived from the World Bank Open
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Data on World Development Indicators (2024). GDP per Capita is measured in current US
dollars for each country and year. Population is based on all residents of a country regardless

of their legal status or citizenship.

Gender

As discussed extensively within the literature review, gender norms within society may affect
the level ofCRSVagainst women and girls. To effectively control for this, data from the World
Bank ont h femate labor force participation rétem_labor)will be employed similar to
previous research methods on CR$Andersin, 202Q) This measurement shows the
percentage of women (>15 years) economically active within the labor force. This is an
indicator used to measure gender equality and discrimination within society (World Bank,
2024).The expectation is thathenthe female labor force participation rate increasesiety

will be more gender equal, and there wél less discriminatioand tolerated violencagainst

women

Conflict Intensity

In accordance with earlier studies on the prevalence of CRSV, contéasity will also be
included as a control variable (Tottie, 2021; 2023). The intensity of conflict may impact both
the amount of humanitarian aid received (the more intense a conflict, the more aid it is expected
to receive) and the level of sexual \@nte (the more intense a conflict, the more CRSV is
expected to occur). This is assumed, as once conflicts escalate, the overall violence tends to
increase. This variable is sourced from Wgpsala Conflict Data PrograrRleace Research
Institute Oslo(UCDP/PRIQ Armed Conflict Database version 23.1, which measures conflict
intensitylevel (intensity _level). This is a dichotomous variable measured by conflict and year,
taking the values of 1 (between 25 and 999 batllagted deaths per year) and 2 (at least 1000
battlerelated deaths per year) (Davies et al., 2083DP/PRIQ 2018).

Political Regime

The last control variabl® be included in thighesisis one representing ¢ o u politicaly 6 s
regime, in line with earlier research focusing on the impacts of CRSV on FDI flows (Adelaid
et al., 2023 The typeand scal®f the political regime (autocradydemocracy) arexpected

to impactboththe level ofsexualviolence tolerated in society and the levehoimanitarian

aid received The first can be explained by the fact that democracies, in general, face higher

accountability concerns and electoral constraints than autocrabiesefore,one expectsa
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lower level of CRSV in democraciéfsanin autocratic governmentas citizens in democracies

are less likely to tolerate governments perpetrating CRSivthermore, regime type could
influence the level of humanitarian aid received, for instance, when autocratic governments
tightly regulate theamount and/or type daid entering their countrie¥he sacalled Polity

variable captures general regime political effddtarshall & Gurr, 202D This variable is

sourced fronthe latest Politydatabasérom the World Bank, which includes an indicator for
ORevised Combined Pol ity THiswgariable ié psefyl for t{iswor | d

thesis specifically, as it is revised to enable tsedes analysgMarshall & Gurr, 202

Validity and Reliability of M easurements

Before discussing the data used for this thesis in depth within the descriptive statistics, it is
relevant toaddress theeplicability of this study. The data used for this stualgng with the
codebooks, are all publicly accessibfdthough the conceptializationsof CRSV differ, as
previously discussedhis thesis adopts a comprehensildinition of CRSV asreflectedin

the SVAC datasattilized here. By broadening the scope of CR@kbeyond wartime rape,
which is just a fraction of all the sexual violence perpetrated related to conflict, this approach
ensures a high level ofontent validity. Nonetheless, incorporating multiple databases
measuring CRSV could potentially enhance the robustness of this study, ballsHeyond

the scope of thithesis.

Descriptive Statistics

Beforemoving to the analysis dihe logistic regressiomodels it is important to describe and
understand the main datasets used to test the hypothastbe purpose of this research, one

big panel datsetwill be created, including the data on humanitarian aid and CRSWek as

all the control variablesFirstly, 21 datasets fronthe FTS are merged to collect the
humanitarian aid data from 2000 to 20Zhe location®® Not Speci f i wildb@ and
deletedrom the dataset, as they do not gate to which country specifically the humanitarian

is allocatedand are therefore of no use for the purpose of this th&his number of
observations will, therefore, decrease from 3873 to 3&&Howing this the SVAC data
spanningfrom the years 2000 to 2024 utilized capturingthe country and yeaspecific
prevalence of CRSVSubsequently, the ordinal prevalence scale of CRSV (0, 1, 2, 3) is

collapsed into a dummy variabd¢ 0 and 1.
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Furthermore, the control variables polity 5, female labor, population, Gdntensity level

are included in the panel dafhe polity 5 score measures political regime rating friéto

+10, suliracting the autocracy score from the democracy score. In this score, +10 relates to
strongly democratic countries, wherea$0 relates to strongly autocratic countries.
Furthermore, the variable may be assigned the valu@ah cases of foreign interruption to

the political regime;7 7 i n cas e mdf od i rauB&im msegces ofareyidhe
transition(Marshall & Gurr, 2020)Nevertheless, this variable will be treated as a continuous

variable.

Female laboreflects6 f e mal e | abor force participationo
above 15 years participating within the workforce. Globally, the participation rate of women

in the labor force is just over 50%, compared to 80% for men (The \Bariét, 2024). The
population variable measures all residents within a specific country per year. Furthermore, the
GDP per Capita variable measures the gross domestic product divided by the midyear

population All datasets described above are then mengtehipaneldataset

As can be seeim Table 3 the number of observations the panel dataset the same for all
variableg483). This is the case as all rows with omitted variakid&) were omitted from the
paneldata.As both CRSV and conflict intensitgvel are ordinal variables, only the number
of observationss included within the graph, arfdrther graphs will be provided to enable a

betterunderstandin@f those variables.

The descriptive statistics belon Table 3containthe observations (obsminimum (min.),

maximum (max.), mean, mediaamdstandard deviatior. Dev.).
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Table3: Descriptive Statistics

Variables Obs | Min. Max. Mean Median St. Dev.
Humanitarian | 483 | 0.00 3218.89 221.65 42.95 439.22
Aid (in

millions USD

CRSV 483 | - - - - -

GDP per| 483 | 110.46 42406.85 3525.34 1249.40 | 6180.24
Capita

Population 483 | 1993030 | 1363240000 | 105983485 27893911 | 261637145

Gender 483 | 9.74 83.36 48.18 54.30 20.33
Conflict 483 | - - - - -
Intensity Level

Political 483 | -88.00 10.00 -4.88 3.00 22.74
Regime

Distribution of Conflict Intensity

250 -
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50-

0 i 2
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Figure 4: Distribution of the Conflict Intensity Level Variable

The histogranin Figure4 abovedisplaysthe distribution of frequency of the different conflict
intensity leveldn the panel data sefhe intensity level of 0 was assignediie years in the
panel data where no conflict intensity level was repoadevealed in the figure abovihe
conflict intensity level of 1 is the most commonthe datasetwhich represents between 25

and 999 battleelated deaths per year.
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Furthermore, he graph below in Figure 5 showsthe 6 dp 10 Highest Recipients of
HumanitarianAida As can be seesgveral var-torn countries aramong the higbstrecipients
of humanitarian aidwith the Syrian Arab Republistandng out as thdargest recipient of
humanitariaraid. This country igollowed byLebanon, South Sudan, and Sudaterestingly,
three out of KagesRecipiénts oHumanitariaoAp d © Gaald amma@nghe
0 T o pHighe3tPre v al e n c e, agi$ evi@eRti® Wigure 6 This correlationcould be
attributed tothe fact thamost of thecountries receiving humanitarian &idve experienced
conflict(s) during this time periodsomeof which arestill ongoing thereforecreatingan
environmentonducive to CRS\{Council on Foreign Relations, n.dBigure6 further shows
the6 Top 10 Highest Prevalence of CRSV6bin

first place, followed by Sudan, Nigeriand India.

Top 10 Recipients of Humanitarian Aid
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Figure 5: Top 10LargestRecipients of Humanitarian Aid
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Top 10 Countries with Highest Prevalence of CRSV

1.00
> 0.75
w
o
(O]
ks
0]
2
@ 0.50
g
g
o
c
o]
=
0.25
0.00
© & 2 2 @ O 2 N & @
. 5 R y Qié\ & & & @%‘ & Q\§>\\ 0@@\
o =) RN (b\, P (\fo P &
N & RS & )
vgo & P ,‘\c;a
& w
§° &
=) S

Country

Figure 6: Top 10 Countries with Highest CR®vevalence

Figurell in the Appendixenables a more detailed examination of the distributidgheshean
prevalence of CRSV across the countries presethieipaneldatasetlt highlightsthe Syrian

Arab Republicagainas havinghe highest mean prevalence of GR®ositionedfurthest to
theright part of the »axs.

Subsequentlytwo plots (Figures 7 and 8) are createdto explore therelationshipbetween
humanitarian aid and CRSVThese plotsillustrate the distributionand densityof the
continuous variable diumanitarian aid bglifferent levels of the prevalence GRSV (0 and

1). For CRSV level 0, the median line is positioned close to the lower quartile, delineating a
skewed distribution towards lower levels of humanitarian aid provistonthermore, the
singular outlier suggests sporadic instances of high lesfeleumanitarian aid within this
category seeFigure 7. In contrast, CRSV level 1 manifests a broader and more evenly
distributed spectrum of aid provisioas is visible in the violin plan Figure8. Furthermore,

it is characterized by a median line slightly higher but still predominantly skewed to the bottom
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of the box seeFigure7. Considering both plots, the distribution of humanitarian aid is more
uniform andgenerallyhigher for aCRSV level of lcompared t@ CRSV level of 0.

Thesefindings underscore the differences in levels and distribution of humanitarian aid
allocation across varying levels of CRSV, with higher levels of CRSV also displaying
relatively higher levels of humanitarian aitlowever, the underlying reasons for this
correlationremain ambiguous, and further reseanchthe relationship between humanitarian
aid and CRSV prevalends neededThe following regression analysis will providechan

investigation, extensively examinirige correlation between the twariables.

Distribution of Humanitarian Aid by CRSV
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Figure 7: Boxplot of the Distribution of Humanitarian Aid by CRSV
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Distribution of Humanitarian Aid by CRSV
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Figure 8: Violin Plot ofthe Distribution of Humanitarian Aid by CRSV
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Results andAnalysis

As previously stated,hts thesis will utilize a quantitative methodologysing a logistic
regression modgeincluding theaforementioned/ariables To rdterate, alogistic regression
model is a modelthat is used to predict the value @ binary variable based on other
independent variable3 his type of regressios useful wherone of the variables wrdinally
scaled, which is the case in this research endeavor, in which CRSV prevalendaraayg a
value of 0 and 1. The logistic mogdske belowis used to test the hypothesis tHagher levels
of humanitarian aid increase the likelihood of CR3W this way, the exploration will
determinewhether humanitarian aid has a significant effect on theotlsty of CRSV

occurring.

GlivREoQl Q@ T QG T 00 [ RéN6EOGT ROGM OB E
I QE O QRN ODOQ AN ¢ HI&HE 1 T

This model analyzes whethan increase in the level of humanitarianiaidountryi raises or
decreases the probability of CRSV prevaleimceountryi. The model further includes the
control variables, comprising (3)ear, (2) GDP per Capita (3) population, (4) gende(5)

conflict intensity level, and (§olitical regime

Logit Model

Figure9 below shows the relationship between humanitarian aid and the probability of CRSV,
as estimated by the logistic regression motleé Y-axes indicate the level of CRSV, with O
indicating no reported level of CRSV and 1 an indicated level of CRSV. Tdv@s{epresents

the level of humanitarian a{th millions of USD). As the blue line illustrates within the model,

the higherthe levels of humanitarian aidhe higherthe probability of CRSV, therefore
supporting the hypothesitable 4 further shows the tput of seven logistic regression models,

where control variables are added one by one.
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Depiction of the Logistic Regression Model
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Figure 9: Depiction of theLogistic Regression Model
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Table4: Logistic Regression of CRkelihood

Dependent variable:

crsv
€Y € (€)) 4 (€)) (6 P
aid 0.001%** @.002*** @.001*** 0.002*** 0.002*** 0.001*** 0.001***

(0.0003) (0.0003) (0.0003) (0.0003) (0.0003) (0.0003) (0.0003)

year -0.028 -0.014 -0.020 -0.020 -0.012 -0.006
(0.022) (0.023) (0.024) (0.024) (0.025) (0.025)

GDP -0.0001* -0.0001* -0.0001* -0.00005 -0.00004
(0.00003) (0.00003) (0.00003) (0.00003) (0.00003)

population 0.000*** 0.000*** 0.000*** 0.000%**
(0.000) (0.000) (0.000) (0.000)

fem_labor 0.001 0.019%** 0.020%**
(0.000) (0.007) (0.007)

intensity_level 1.473%%% 1, 437%**
(0.227) (0.230)

polity_score -0.0@13%x*
(0.005)
Constant -1.529*%*%* 54,765 27.596 38.717 38.894 19.938 8.209

(0.130) (45.044) (46.994) (48.006) (48.003) (49.829) (50.533)

Observations 483 483 483 483 483 483 483
Log Likelihood -246.656 -245.869 -243.154 -237.880 -237.865 -211.691 -207.690
Akaike Inf. Crit. 497.312 497.738 494,309 485.760 487.730 437.382 431.379

Note: *p<@.1l; **p<0@.05; ***p<0.01

AIC and BIC Tests

The Akaile Information Criterion (AIC) and Bayesian Information Criterion (BIC) tests can
be used to compare modaétsfind a balance between the explama power and complexity

of a model by penalizing models with more parametessboth tests, lower values indicate a
better fit of the model. Tabl® below shows the AIC and Bldevels for all model
configurations. This analysis points out tmabdel 7 offers the best fit among all models
estimated.This is evidenced by the fact that the levels of AIC and BIC of model 7 are the

lowest compared to those levels of the other models
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Table5: Outputof AIC and BIC Tests

Model AIC BIC
Model 1 497.3116 5@5.6716
Model 2 497.7376 510.2777
Model 3 494.30@87 511.0287
Model 4 485.7605 506.6606
Model 5 487.7299 512.8100
Model 6 437.3819 466.6420
Model 7 431.3790 464.8192

Hosmer-Lemeshow Test

The HosmeiLemeshow is used to test the goodness of fit for logistic regression models, where
a good fitting model has ayalue > 0.05, as it then fails to reject the null hypothesis. The p
value, as estimated by the Hosrhemeshowtest performed on model 7 of the logistic
regression models, is 09%nd, therefore, greater than 0.05. This implies that this logistic

regression model has a good fit and that the estimates fit the data at a satisfactory threshold.

Table6: Best Fit Logistic Regression Model of CRSV Likelihood
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